Abstract
INTRODUCTION
Economic and financial world has been marked by negative events in recent years due to the financial crisis of 2007. They have tarnished the image of the entire financial system globally and determined the investors to be more reluctant with investments decisions but on the same time, they have strengthened the need for protection against risk. However, for stock markets risks are not necessarily a negative thing. A higher risk requires a higher gain. Kotler and Casoline (2009) believe that after the recent financial crisis, the world economy entered in "the new era of turbulence" in which the cyclicality has been replaced by uncertainty. Uncertainty has always been a feature of finances and especially of stock markets, but in time complex financial instruments have been developed, such as derivatives. We have chosen as research theme the CAPM model starting from Damodaran (2012) which divides investors into three categories, first type Buffet-like investors who are buying shares of companies with cash flows stable and liquid assets, the second category of investors rely solely on strategies derived from technical analysis and those in the third category seeking shares of new innovative companies, with growth prospects optimistic. To have a satisfactory return on stock investments there is no successful model consecrated. It cannot use only the fundamental analysis or only technical analysis. The safest is to use as many methods and models to make a decision. We chose the CAPM model because it is widely studied in the academic literature and is a reference point in the stock evaluation. Besides intuition, instinct and technical analysis an investor must base their decisions on mathematical analysis. Optimal portfolio management involves consideration of return and risk of the shares into which it is desired to invest. The CAPM model is the easiest and complex (at the same time) mathematical model for analyzing the stocks. Unlike the Sharpe model, the CAPM contains variables with universal role and a better representation of financial reality. Bartholdy and Peare (2003) considered that the CAPM model is the most popular model used by practitioners to estimate the expected return. By using the CAPM model we wanted to analyze the quality and the status of stocks for companies' components of the NASDAQ, from technology sector. This can be achieved on the basis of return required by investors, estimated by CAPM model. Other issues pursued in this paper are the linear relationship between expected return and risk, whether beta fully capture the risk of the stocks chosen and empirical support for the theory that a higher risk brings higher profitability.
The rest of the paper is organized as follows. Section 2 includes prior research in the field, with reference to the research and conclusions of literature recognized in finance, Section 3 includes description of database, methodology used for empirical research and results. The final section highlights conclusions drawn from the analysis of the conducted study.
PRIOR RESEARCH OF CAPM
To better understand the CAPM model it requires a brief history of its occurrence and development. In financial theory innumerable researches are studying this model, some arguing its applicability, others contesting it. The CAPM model was originally designed by William Sharpe (1964) and concomitant, but independent by Lintner (1965) . Other significant initial studies were carried out by Jack Treynor (1961) , Jan Mossin (1966) and Fischer Black (1972) . Thus it appeared the first model that linked the return of a financial asset and the return of a fully diversified portfolio through an indicator of systematic risk (beta). The CAPM model (capital asset pricing model) is preferred by investors with risk aversion because it introduces a new factor, namely the risk-free rate which showing the minimum level which must be accepted in order to achieve the investment in stocks. The beta volatility coefficient resulted from CAPM model is a handy tool for the investors to decide whether to invest in a riskier shares that might bring a higher gains (Radcliffe (1989) . Graham and Harvey (2001) believed that the CAPM model is a preferred model for calculating the cost of capital by US companies. The great disadvantage of CAPM were restrictive assumptions that makes it quite inapplicable to real life. Megginson (1997) provided a short list with models developed after the CAPM model. The list include the CAPM model which takes into account taxes, the CAPM model which takes into account the heteroskedasticity of returns, models that take into account the beta variability and others. Megginson (1997) said that investors who use CAPM obtain unbiased estimates of future returns which be equal to the actual historical returns. Roll (1977) brought serious criticism to the CAPM model considering that this model cannot be tested and the previous studies were flawed because the investors often build portfolios so that they are located on the efficient frontier SML. Other critics have been those related to stability over time of the coefficients volatility brought by Blume (1975) . He showed that beta indicators become more precise with the increase of the number of shares within portfolios.
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Although it is a simple model its results are not fully satisfactory and this has been demonstrated by some researchers including Eugene Fama and Kenneth French (1992) . They realized, studying the US market, other models of equilibrium like FF3 (Fama-French with three-factor) that want to be developments of the CAPM model but using more factors such as market-to-book ratio, PER, capitalization and debt. Guermat (2014) considers that the CAPM model can be tested and is effective but only if it is used concomitant the OLS estimation with the GLS method. Starting from FF3, Balvers and Huang (2009) have introduced and have tested in model the consumption factor (C-CAPM) and even comprised a factor that include the monetary growth and inflation to derive a MC-CAPM model to better capture the determinants of stock prices. Similar studies were carried out by Jensen and Mercer (2002) , Parker and Julliard (2005) . By introducing the monetary factor according to Marshall (1992) model, Balvers and Huang (2009) wanted to correct the model developed by Breeden (1979) who believed that a growth of consumption is enough to evaluate the price of an asset. Balvers and Huang (2009) considers that the money supply in the economy and consequently the liquidity of the economy affect the level of trading, a fact which will be reflected in the price of financial assets. For better results he used the Stein's in econometric models. Chordia et al. (2005) have tested econometric a similar CAPM model and the empirical results showed that capital market liquidity is better if it is correlated with growth of the money supply. Balvers and Huang (2009) tested the econometric model MC-CAPM based on studies of Lettau and Ludvigson (2001) , that had at its origins the method originated by Fama and MacBeth (1973) . So they used the model of GMM for estimation, a method called the generalized moments. The study results indicated a better robustness of the estimated returns, greater stability of the market risk premiums and low levels for the alpha terms (the intercept from econometric model 1) through C-CAPM and MC-CAPM models. This explains 64% of the cross-sectional variation in returns of the stocks within the analyzed portfolio, exceeding the results of Campbell and Cochrane (1999) . Thus, by introducing the monetary impact, the estimates for expected returns have outperformed those made by Lewellen et al. (2010) , Cohen et al. (2005) , Ahn et al. (2009) . Another fact revealed was that the value of financial assets is influenced by monetary shocks. Fama and French (2004) argued that the standard CAPM model which using the market index as a proxy for the return of market portfolio do not properly estimate the expected return of a share. Dittmar (2002) conducted another CAPM model that takes into account, besides the attention of investors for average, variance and asymmetry coefficient (Harvey and Siddique, 2000) (skewness) and coefficient of flattening (kurtosis). This model is better than the standard CAPM model for the US capital market.
Another studies of CAPM model have focused on the issue of distribution of return. Berk (1998) considers that the hypothesis of elliptical distributions is very useful in CAPM model. From this hypothesis, Hodgson et al. (2002) have identified the fact that size of the market affects the return estimated by using CAPM model. The problem of normal distribution assumption is that there is no limit for loss and thus, implies that the investors can lose more than the wealth they hold Huang and Litzenberger (1988) . Vorkink (2003) developed the idea of elliptical distribution and found that returns estimated using the CAPM model are influenced by outliers existing in data. An example of outlier is the January effect which no longer highlights the linear relationship between return and risk, specific to CAPM. and can lead to estimated returns erroneously that can lead to wrong investment decisions. Patton and Timmermann (2010) tried to study, using the CAPM, if there is a monotonic relationship between the expected return of a financial asset and its associated risk. Eakins et al. (1996) studied the position of institutional investors towards the classic CAPM assumptions. They found that institutional investors prefer to invest in shares with a greater beta to avoid stocks which have a higher unsystematic risk. The allocation process of resources is influenced by return measured ex-post and thus it does not support the CAPM assumptions for institutional investors. These are adverse to standard deviation, skewness and kurtosis. Wen et al. (2008) have investigated whether the CAPM model used constantly by insurance companies is effective for them. Returns achieved in this sector follow a nonnormal distribution so they considered that it is more effective to estimate expected returns using the model Rubinstein-Leland (RL) when estimating the cost of capital for a small insurance company. On the other hand, if the insurer is big and obtains symmetrically distributed returns than the CAPM model is more suitable to estimate beta and cost of capital. In addition to renowned authors who have studied the issue of CAPM model one can include studies of Kumar (2009 ), Stambaugh et al. (2012 , Frazzini and Pederson (2013) who have made contributions to academic literature.
ECONOMETRIC RESEARCH METHODOLOGY
For this study we used the forte static assumption according to which the expected return -and anticipated -to be registered in the future, will be based on the average historical return on the time horizon considered in the analysis (Gourieroux et al., 1997, p. 24) . This assumption implies that the variance of historical returns is an estimator for the risk associated with the estimation.
Another hypothesis under consideration is "time interval" proposed by Theobald (1981) . Theobald (1981) believes that the optimal period for CAPM analysis is 120 months, but, if there is a possibility of changes of beta, a shorter period should be considered. So we decided to analyze the period from 4 January 2010 to 26 December 2014, because earlier than 2010 there were recorded strongly influences of 2007's crisis. So, the analysis period covered 48 months, similar with period chosen by Roenfeldt et al. (1978) . Groenewold and Fraser (2001) , Bartholdy and Peare (2005) , considers that the five years with monthly data is the CAPM optimal analysis period.
The actions chosen are components of the NASDAQ index and we chose the top 15 companies belonging to the technology sector, based on the market capitalization. List of selected companies can be found in Appendix, Table 1 . As a source of database we used Yahoo Finance and NASDAQ official websites. NASDAQ is an electronic stock exchange in the United States, which lists about 3,200 companies. The name comes from the National Association of Securities Dealers Automated Quotations. It was founded in 1971 and is the second largest stock exchange in the world.
By using the CAPM model we wanted to verify whether the shares chosen in the quality of potential investors are undervalued, overvalued or properly assessed. If econometric expected return is lower than the actual return then the asset is undervalued and is a good decision to purchase those shares. Another method of analysis is comparing the theoretical price (exact) of the financial asset with that recorded on market. If theoretical price is higher than the market price the share is worth (on market) less than its real value, so it is undervalued. Other issues pursued in this paper follow the linear link between expected return and risk; whether beta fully capture the risk of the chosen shares; and theory that a higher risk brings higher return.
We used as risk-free rate the iShares 1-3 Year Treasury Bond (SHY). To facilitate comparisons, we used simple returns, applying the formula proposed by Brooks (2014) :
100%
(1) Rt -share return at the moment ,,t" Pt -share price at the moment ,,t"
From an econometric point of view, CAPM model is similar with Sharpe model. This helps in the econometric writing of the regression formula. Based on market model described by Sharpe 2 and adding the risk-free rate we obtain:
From here we can deduce the excess return market model denoted According to SML (Security Market Line) for CAPM model is necessary to restrict the intercept = 0. For CAPM model econometric regression equation is:
We applied the notation Y= Rit -Rrf (the excess return brought by the asset ,,i" at t moment compared to risk-free asset return) for the dependent variable and for independent variable X= Rmt -Rrf (market risk premium). The new regression is Y= + X. Thus, initial for Apple share, the linear regression will be: RAAPL -RRF= + (RNASDAQ -RRF). After notation, the new CAPM regression is: CRAAPL= α + β× CRNASDAQ.
Although the series has constant frequency, due to public holidays, which can not be defined in Eviews 7 software, it cannot choose option Dated. Instead, we chose Unstructured/Undated option with the advantage of rapidity of data entry. For stock markets that only works five days a week from Monday to Friday we can choose Dated -regular frequency (Daily-5 day weeks) and the format is MM/DD/YYYY.
EMPIRICAL RESULTS
In Figure 1 we attached a representation of return and of closing market price, for the NASDAQ index. There is a greater variation in NASDAQ index return during July 2011.
Source: author's computation Figure no. 1 -NASDAQ -Return (RNASDAQ) and Market Price
We attached in Appendix, at Figure 2 the graphic representation for Apple (return and price) that will be the benchmark in this paper. In Table 2 we attached descriptive statistics of shares analyzed and it can be seen that INTU has the highest return followed by ADBE. From Jarque-Bera statistics it can be noted that data is not normally distributed a common fact for financial data.
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At Appendix, Figure 3 contains the distribution of quantiles for the analyzed returns. It can be seen that they are not normally distributed. Figure 4 contains NASDAQ stock return distributions. In Table 3 we attached the OLS estimation results. 
Source: Author's computations in Eviews 7
The determination report 3 one of the most common godness of fit statistic, must be as close to 1 for assessing the quality of a model. Being daily data with high dispersion, econometric theory recommends a lower limit for the determination report of 0.15% (Andrei and Bourbonnais, 2008) . For the 15 shares examined, the report of determination was in average close to 50%, maximum being touched by the stock ADP with a value of 64.03%. For companies CTSH and MU the determination report had a very low value (0.04%). Thus we can confirm that for the 13 shares examined, the econometric models are valid with exception of CTSH and MU stocks that should be excluded from the portfolio or analyzed by other methods. Since these values are relatively low or even very low, it is possible that much of the variation in return of shares to be determined by factors not included in the model, specific to company. For example, Apple shares indicates that about 39% of the variation in return is explained by the variation of the market portfolio return, so 61% of the variation for AAPL return is due to the company specific risk, a risk which can be adjusted by portfolio diversification. For company ADP, 64% of the variation is explained by the variation of return of the market portfolio, so 36% of the ADP return variation is due to the company specific risk. From these two examples it is difficult to determine which most cost-effective share is and it require a further investigation of return-risk ratio. To validate the estimated CAPM model is not enough just coefficient of determination 4 . If the 1 to 4 properties from the footer are satisfied then the estimated parameters are called Best Linear Unbiased Estimators (BLUE). BLUE means that alpha and beta linear estimators ( and ) give the true values for model parameters and are consistent, unbiased and efficient (see Brooks, 2014 
Reject H0 / Negative autocorrelation 0________dL=1.65_______dU=1.69______2_____4-dU=2.31_________4dL=2.35________4
Source: Author's computation Figure no. 5 -The Durbin-Watson Test decision
Ramsey Test verifies the linearity of the model chose, in other words, if the relationship between the asset's expected return and market return can be represented by a straight line. The command function is RESET in Eviews. It is a residual test. This test implies that after the OLS estimation of the regression, building a new auxiliary regression in turn, which will be estimated OLS. The decision is taken by test F test applied to auxiliary estimated regression. If the decision of F test adopts the null hypothesis, then one can accept H0 from Ramsey test and the model is linear. If the decision of F test adopts the H1 hypothesis then at least one parameter is not equal to one and we can accept the H1 from Ramsey test so the model is not linear. The decision may also be made by analyzing the P-value of F test associated with auxiliary regression estimates. Thus, following the penultimate column of Table 3 we see that F test P-value is greater than 5% for all shares analyzed except the BIDU, TXN, MU stocks, which have a P-value less than 5%. By exceeding the 5% threshold we consider that CAPM models analyzed are linear models. By this test we have shown that between the return of the analyzed stocks and the market portfolio return there is a direct linear connection, a fact that can predict, to some extent, the return of the chosen White Test verifies the homoscedasticity of the model. The variance of each random variable is the same 6 . The homoscedasticity supposes that the dispersion should be constant and for heteroskedasticity the dispersion varies. Lack of the homoscedasticity can occur by not including the key explanatory variables in the model. A consequence of the application of OLS which do not check the hypothesis of homoscedasticity is the distortion of the quality of statistical tests performed on the model parameters. The estimator is unbiased and consistent in those conditions. After CAPM model estimation, White Test creates an auxiliary regression on which is applied the F test. If the decision of the F test is to accept the null hypothesis then the White test H0 hypothesis is accepted and the model is homoscedastic. If the decision is to accept the F-test hypothesis H1, then at least one parameter is zero, so we accept the H1 from White test, so the model is heteroskedastic and the dispersion does not has an uniform development throughout the range. Or it may be decided and according to P-value associated. For the present study the White test results, applied for CAPM model, can be found in Table 3 . It is noted that the stocks AAPL, MSFT, GOOGL, INTC, CSCO, QCOM, BIDU, ADBE, and INTU have a P-value associated with F test of auxiliary regression higher 5%, a fact that shows that the models have homoscedasticity. For CAPM models, applied to stocks TXN, YHOO, ADP, MU, CTSH, AMAT the P-value associated with F test is less than 5% a fact that signifies the presence of heteroskedasticity for errors. If errors are heteroskedastic, the standard error formula cannot be applied properly to coefficients. For example, the heteroskedasticity presence leads to high standard errors for the intercept. All statistics used for inferences -Student test, F test and others, will be affected. The estimators will be consistent and unbiased but they will not have minimal variance so any inferences based on them will be wrong. The heteroskedasticity can be countered by estimating Generalized Least Squares (GLS). Another solution would be the use of the logarithms but has the disadvantage of ignoring the negative or zero values.
The Normality Test (Jarque-Bera) verifies the normality of the residue ut ∼ N (0, σ 2 ). To see if the results are reliable or not, it must check the errors of the regression equation that have to be normally distributed. Normal distribution of errors is important especially for making predictions based on estimated econometric equation. To define the confidence intervals of the parameters and for making predictions it starts from the hypothesis of normal distribution of the residues. For a normally distributed random variable, the value of the asymmetry coefficient (Skewness) is zero and the flattening coefficient (Kurtosis) is 3 (normal distribution -mesokurtic -and shows the form of the extremities). If the distribution has the kurtosis greater than 3, is called leptokurtic (and has a height greater than a normal distribution) and if kurtosis has a value of less than 3, the distribution is called platykurtic. Overall financial data series have leptokurtic distribution. A feature of this distribution is that the likelihood of extreme events is higher than for the normal distribution. The P-value associated with Jarque-Bera test was very low which leads to the idea that the series are not normally distributed.
After OLS estimation, the next step is to analyze the estimators' properties. An important property is related to dispersion. A lower level means a greater relevance of the estimator and the confidence which we will give in statistical inference is higher. It is therefore important to calculate the variances for the estimators. For the CAPM model is good to know how suitable are the parameters estimators and and how accurate. For this, the standard errors 7 ,
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Georgeta VINTILĂ, Radu Alin PĂUNESCU resulted from estimation, are studied. Ideally, is that they to have the lowest possible values. The standard error of regression is called the standard deviation of the residue of each regression. In the market model (Sharpe) is interpreted as company specific risk (or risk diversifiable). Table 4 notes that standard errors are lower than estimation coefficients which give a high degree of confidence to the results obtained. Additional to the example with AAPL and ADP shares, we can say that AAPL has, under standard error assumption, a 3% unsystematic risk and ADP share has a 1.6% unsystematic risk. 
Source: Author's computation in Eviews 7
T-Student Test tests if the parameters are significantly different from zero. If the module of t-Statistic calculated by Eviews is bigger than t tabular (taken from the Student distribution table) then we accept the alternative hypothesis that the value of the slope coefficient is significantly different from zero, the null hypothesis is rejected and we keep the Xi independent variable in the regression model. If |t calculating | < t tabular then H0 hypothesis which state that the value of the slope coefficient is not significantly different from zero, is accepted. The decision can be taken on behalf of P-value associated with the test. Table 4 shows that Pvalue associated with Student test is less than 5% a fact which leads to the idea that all coefficients are significantly different from zero and the model is valid.
The results from the CAPM model estimation can be found in Table 4 and they are essential to testing of this particular model, especially Coefficients column that identifies the beta coefficients which represents the risk of the shares. The beta ( ) indicator can be can be interpreted in several ways. If is greater than 1 the share is more risky than the market portfolio and analog, if is smaller than 1, the share is less risky than the market portfolio. The stocks BIDU, TXN, YHOO, ADBE, and AMAT have a beta greater than one and stocks AAPL, MSFT, GOOGL, CSCO, QCOM, INTC, INTU, ADP have a beta subunitary but close to 1. Some stocks (MU and CTSH) have a negative beta what means that there exists an inverse relationship between the return on these assets and the market portfolio. Subunitary beta can indicate that the respective shares could be blue chips. One of the proposals of this paper was the link between risk and return of the chosen stocks. According to CAPM model a greater beta should bring with it a higher return.
In Table 5 we attached the results from the OLS estimation regarding the intercept. CAPM assumes the efficiency of the market portfolio. According to SML, the CAPM must comply with the restriction that the intercept = 0. This can be checked either using the Wald test or through applying the Student test to the Intercept, to see if the estimated coefficients are significantly different from zero. From Table 5 , it is noted that all stocks analyzed have the P-value associated with Student test greater than 5% leading to accepting the null hypothesis, namely that the constant term is not significantly different from zero. This condition should be respected for that comes from the market model (Sharpe) and would distort the conditions imposed by CAPM model. 
By respecting the Intercept condition it can be considered that for all 15 stocks analyzed, the CAPM model is sustained and can be used as a model to estimate the expected future return. If the parameters alpha (α) would have been statistically significant different from zero, the analysis of these shares would be: the alpha negative means shares undervalued and overvalued those with positive alpha.
Another way to analyze the CAPM model was bound by the relation = yt -ŷt , where yt = E[Ri] -Rf . This can be done by using Figure 6 . If one of the points is above the red line then the actual return of the Apple share is above the characteristic line, so is higher than the estimated return on CAPM model. E[RAAPL] = 0.0006 + 0.9238 E [RNASDAQ] .
To validate the results with certainty we need to check if beta is stable over time. For this, Chow test it can be used to identify the existence of a structural breaks in the analyzed data. It is estimated regression equations on subsamples, dividing the sample into two or more sub-samples to check the existence of differences between estimated coefficients. Chow's test model verifies the parameters stability 8 . Basically, the initial data series are divided into two subintervals and new estimations are made on them and compared with the first estimations made on the entire period. The test decision is: If P-value associated with Chow test has a value of less than 5% then H0 is rejected (β coefficients are stable) and accept the H1 hypothesis with β coefficients that depend on time and are not stable. We attached the Chow test in Table 6 .
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Source: Author's computations using Eviews 7 Figure no. 6 -The characteristic line for Apple shares
We divided the sample in two subsamples: a) 2010M01 -2012M07 and b) 2010M01 -2013M09. It is noted that the probability associated with the F test indicates a structural rupture for stocks CSCO, YHOO, INTU. Testing the beta stability on other two samples, Apple and Google shares have presented ruptures which suggested that beta is not stable over time. Overall, the Chow test showed that all stocks considered in addition to those mentioned, have a beta stable over time. The next step is to test the stationarity of the analyzed series. The regression with nonstationary series is called spurious and cannot be interpreted in a conventional manner, because all tests (t-statistic, F-statistic etc.) change their properties. Also, the relationship between non stationary series tends to be very high (usually in such cases, the coefficients R 2 and R 2 adjusted are high), but the correlation is not conclusive because it may be due to a common trends (deterministic or stochastic) available in this series. A stationary series is not changing its properties over time. The mean, the variance and covariance for each lag are constant. A non-stationary series has a unit root. From an economic point of view, a series is stationary if a shock over it is temporary (is absorbed in time) and do not remain permanently. When the series is not stationary, by differentiation it obtain a stationary series. Thus, the integration order of the series is the number of successive differentiations necessary to obtain a stationary series (or the number of unit roots). In economics, the most common non-stationary series are integrated of order I (requires a single differentiation, have one unit root). For each series we applied unit root's tests using Eviews 7 software: one based on the assumption of WN (white noise) and one based on the assumption of RW (random walk); more precisely, we applied the stationarity test based on correlogram and unit root test (Dickey-Fuller). Econometric analysis was performed using logarithmic series because the logarithm facilitates the interpretation of the regression coefficients obtained (they are elasticities). As example for Microsoft share we use genr to apply the logarithmic form: lmsft= log (msft). For first difference: dl_msft=lmsft -msft (-1).
In Figure 6 is observed visually that the series are stationary. But a glance on the graphics is not enough and must be applied the unit root tests on stationarity.
A first step is to start from yt-yt-1= yt-1 + et. It formulates hypotheses on the time series:
 H0: the series is nonstationary, has a unit root, (is RW)  H1: the series is stationary As the series values y1, y2 ... yt come from a process RW as it was the assumption, does not follow the distribution t (Student) so it cannot check if the coefficients are significant. But they followed a τ distribution, studied by Dickey and Fuller. The decision for Augmented Dickey-Fuller test is similar to that of the Student. Calculate the value of ADF statistics, which are compared with critical values τcrt corresponding to a confidence level of 1%, 5% or 10%. 
Source: Author's computations in Eviews 7
The ADF test decision can be taken in according to test P-value associated with F test. If is greater than all three confidence thresholds then it follows that the series is nonstationary. From Table 7 it is observed that P-value is zero in all three thresholds, so all series are stationary.
To take a decision on which of the 15 stocks an investor should invest, according to CAPM model, he must compare the expected return with the return from the market. In this respect, the security market line (SML) should be constructed. The risk-free rate is Rf = 2.24% according to Bloomberg, and the market risk premium is 5.4% according to Fernandez et al. (2014) From theory we know that beta for risk-free asset is zero and for the market portfolio is 1, so only two points are necessary ((0, R) and (1, E (RM))) to form the SML as it can be seen in Figure 8 .
Source: author's computations
Figure no. 8 -Share valuation using SML
If the stocks are properly valued by the market, they should be on the SML. If they are above the line SML are undervalued, and if they are below the SML are overstated. From Figure 8 it is noted that all stocks are considered right beneath the SML, a fact leading to the idea that market shares are overvalued. Not surprising, since that stocks came from technology companies characterized by investors with high expectations from these companies. On the other hand they are companies that rely on innovation so are quite risky because in technology sector new products can occur at any time and can eclipse the products of these companies. For example it can follow Polaroid or Kodak which were some of the strongest companies in this field, and the most appreciated by investors, and now they almost disappeared due to technological advances with which they could not keep up. Normally it would be risky to invest in these overvalued shares because the market will react at a time and prices will fall, which will lead to losses. But on the short term is unlikely to occur revolutionary technologies affecting profits respective companies and should be noted that they are stocks of giant companies known globally as Microsoft, Google and Apple which are highly regarded by investors. But they are somewhat companies mature and it is easy to see that they have a beta lower than companies like BIDU or AMAT which, to a percentage increase of 1% for market return, they will increase by 1.4 and, respectively, 1.15 the expected return which leading to profitability higher for these companies.
As we saw in chapter which summarizes the literature on the CAPM, Fama-French and others use to estimate return Generalized Method of Moments (GMM). Because GMM estimation involves advanced econometric knowledge we did not go into details but we conducted a short estimation to see if such models have estimated a different beta indicator and if return is better estimated in that way. GMM was introduced by Hansen (1982) and has applications in determining prices of financial assets. Table 8 comprise the GMM estimation method results.
From Table 8 it can be seen that there are no significant differences between beta estimated using the OLS and beta estimated with GMM for analyzed stocks which indicates a stability of the returns estimated using the CAPM. The only shares that can attract attention because they have a greater difference in both beta versions are GOOGL and MU.
For alpha, the differences are very low and insignificant. Jensen (1968) studied the socalled "Jensen's alpha" and found that when alpha is positive and significant then it can gain profits in excess or abnormal. The stocks analyzed don't have this effects because they come from US capital markets. It should be noted that the MU and CTSH stocks estimated using the GMM, the same as in the OLS, the model is not valid, a fact claimed by both associated P-value of t-Student test and by correlation coefficient R 2 . This suggests that for these two stocks, the expected return is not affected by variation of NASDAQ market return but by other factors. For AAPL share it can be considered that an increase of the market return with one percentage point will lead to an increase of 0.87973 for the estimated returns. The beta indices obtained by OLS and GMM estimation methods, are based on historical returns and are "backward-looking". As investors, it is of interest a beta which can capture what will happen to those shares in the future. GARCH multivariate models to estimate beta fulfill these conditions. More specifically, by using GARCH models is estimated the evolution of the covariance over time. The Q-stat of Ljung-Box test is bigger than critical value 2 (m) for five degrees of freedom and hence, the null hypothesis is rejected and it is accepted that the residues are not from a white noise process. 
Source: Author's computation in Eviews 7
The model GARCH-VECH 9 was proposed by Bollerslev et al. (1988) . The conditions to be met by a GARCH's coefficients are: the coefficients of variance equation should be positive; the sum of the coefficients of the variance equation is less than 1. Otherwise, the model is integrated GARCH (I-GARCH), and the volatility is explosive. We have attached to Table 9 of Appendix the output of GMM estimation for Apple shares. It can be seen that all the estimated parameters are statistically significant and are therefore plausible. In Figure  12 we attached the volatility results from the application of GARCH-VECH model for shares AAPL, MSFT and GOOGL in comparison with the index NASDAQ. Var(CRMSFT)
Source: Author's computations in Eviews 9
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Conditional variance and conditional correlations show variability and dynamics of returns over time for shares analyzed. Thus it can be seen that present a high correlation for all three stocks (AAPL, MSFT, and GOOGL) relative to the NASDAQ market return. 
Source: Author's computations in Eviews 7
In Table 10 we attached the results of GARCH-VECH estimation model regarding the correlation of returns for the three largest IT companies in the US market. From the CAPM model we have obtained that the returns for these three stocks are correlated with market return and that they have a subunitary beta which indicates a less volatility than the market volatility. The GARCH-VECH model can better test the implications of CAPM and see if there is a contagion at the level of volatility of the assets if they are interrelated and correlated and if there is the phenomenon of market volatility spillover. The contagion phenomenon is not clear from Table 10 Var(CRBIDU)
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Source: Author's computation in Eviews 7 Figure no. 10 -The GARCH-VECH results for shares with supraunitary beta (continuation)
In Figure 10 we applied GARCH-VECH model for stocks which had through CAPM model a supraunitary beta to try to identify the differences in the level of volatility compared to the stocks with beta subunitary. 
Source: Author's computations in Eviews 7
From Table 11 it can be observed that at a correlation level with market volatility, the level is higher for shares with beta above 1 and for the ADBE share it can speak about a contagion having a high level of 0.92. Cor(CRBIDU,CRTXN)
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CONCLUSIONS
Beginning from the academic literature, we studied the classic CAPM model, theoretically and empirically, through econometric models. CAPM is easy to apply and is a reference point (a benchmark) for the valuation of stocks. We wanted to analyze if the NASDAQ component stocks from technological field, chosen in the quality of potential investors, are undervalued, overvalued or properly assessed. We also studied the linear connection between expected return and risk. From econometric models it resulted that from 15 stocks only two (CTSH and MU) could not be validated and we could not decide whether there is a linear relationship between return and risk. Except actions BIDU, TXN and MU we discovered that all stocks analyzed had a linear relation between expected return and market return. We estimated the beta index by using the OLS and GMM methods and for both variants we achieved similar results. Thus, for stocks BIDU, TXN, YHOO, ADBE and AMAT we obtained a beta greater than one indicating that an increase in market return will lead, by itself, to a greater growth of return for estimated assets. W obtained subunitary beta for stocks AAPL, MSFT, GOOGL, INTC, CSCO, INTC, INTU and ADP all of them being very large sized companies, some mature, which might explain why beta was subunitary. Investors know that a big and mature company is no longer expected to have a growth out of the blue and they don't hope for an abnormal return for such type of stocks. On the other hand, smaller companies have a riskier growth opportunities (beta higher than one) and as a result, it is expected from them a higher return. For MU and CTSH we could not identify a clear conclusion related to the risk associated with them. Compared to SML all shares were overvalued, a fact expected for IT companies because is a continuous development field and investors are expecting high earnings. We used GARCH-VECH model to track the volatility between the analyzed shares and NASDAQ index and we noticed that both classes of shares analyzed (beta over / under unit) had presented a high correlation with market volatility. We obtained even a contagion effect for ADBE share and it can speak about the phenomenon called volatility spillover. The results are not surprising because the analyzed stocks came from technology sector and their products depend on each other and hence they are interdependent, a fact reflected in the volatility level. 
Source: Author's computations in Eviews 7
